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Abstract 
From robots to chatbots, AI technologies in care (nursing) homes have gained policymakers’ attention 
amid critical issues like staffing shortages. Concurrently, the long-term care sector has become a prime 
target for technologists due to its global market potential given the growing ageing population. 
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textual, and semiotic analysis of their websites identified overarching discourses on ageing carefication, 
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implications for caregiving futures and for reimagining AI-human care.

Keywords: AI in Long-Term Care, Datafication, Carefication, User Representation, AI Solutionism, Aging

Article Neves et al

Naseem Ahmadpour
Design Lab, School of Architecture, Design and 
Planning, The University of Sydney 

Alex Broom
Sydney Centre for Healthy Societies, The 
University of Sydney, Australia

Kalervo Gulson
Centre for AI, Trust and Governance, Sydney 
Centre for Healthy Societies, Sydney School of 
Education and Social Work, The University of 
Sydney, Australia

This work is licensed under 

a Creative Commons Attribution 4.0

 International License



14

Introduction
Like other spheres of social life, ageing and related 
policies are being influenced by technological 
changes and Artificial Intelligence (AI) advance-
ments. These changes shape perceptions and 
practices within care institutions, welfare systems, 
and caregiving relations (Gallistl and Von Laufen-
berg, 2023; Lehtiniemi, 2023; Tarkkala et al., 2019). 
The use of AI in care (nursing) homes – from com-
panion robots to generative AI-powered chatbots 
like ChatGPT – has captured policymakers’ atten-
tion, especially as the COVID-19 pandemic illu-
minated systemic failures like staffing shortages 
(Chen, 2020; Neves et al., 2023; Neves and Omori, 
2023). A recent Australian Royal Commission 
(Pagone and Briggs, 2021) into the sector urged 
technological investment to address long-term 
care deficits, from clinical neglect to increasing 
loneliness, affecting older people (aged 65+) in 
care homes (institutionalised ageing) and com-
munity settings (ageing in place). 

In Australia and many Western countries, 
long-term care – which includes care/nursing 
homes and formal assistance given to older 
people living in their homes – is govern-
ment funded and regulated as part of public 
service delivery (Australian Institute of Health 
and Welfare, 2024). This sector has become a 
prime target for technologists and the AgeTech 
industry due to its ‘market potential’ of profitable 
expansion across public and private care, and the 
portrayal of an ageing population as a biomedical 
problem requiring urgent government inter-
vention (Gallistl et al., 2024; Gomez-Hernandez, 
2024; Neven and Peine, 2017). Yet research shows 
novel technologies developed for later life often 
perpetuate visions of care as a cost and older 
people as passive and digitally unskilled (Jaakola, 
2020; Neves and Vetere, 2019; Peine et al., 2021). 
This ageist perspective persists despite a body of 
knowledge on ageing and technology demon-
strating older people are not only resourceful 
and adaptable to emerging technologies, but 
also actively shape technological use to address 
their own care needs (Neves et al., 2018; Peine et 
al., 2021). Moreover, older people play a vital role 
in care economies, providing care for others and 
themselves, even when living with frailty or health 
issues that necessitate formal or institutional 

forms of support (Dalmer et al., 2022; Neves et al., 
2018). Nonetheless, stereotypical ideas of older 
people – particularly those requiring long-term 
care – continue to animate imaginaries and narra-
tives of policymakers, technologists, and broader 
society (Chu et al., 2022; Gallistl et al., 2024; Neves 
et al., 2023; Stypińska, 2023).

In this article, we focus on the emerging AI 
industry for later life – namely on the sociotech-
nical discourses of relevant commercial actors: 
i.e., the overarching, interlinked elements used 
on AgeTech websites to represent how ageing, 
care, and technology are understood (Hall, 2018; 
Neven and Peine, 2017). While these discourses 
have not yet been explored in the literature, 
we contend they are critical to study, as they 
not only influence and justify technological 
development but also potentially shape policy 
decisions and assumptions about how care 
should be designed and delivered. In fact, the 
‘techno-solutionism’ permeating contemporary 
societies results from a commercial and market-
driven framing of social needs and challenges as 
problems demanding emerging technological 
solutions (Morozov, 2013). Drawing conceptu-
ally on ideas of breakdown and repair (Jackson, 
2014; Star, 1999), we aim to explore how ageing 
and human care are problematised, and, in turn, 
how AI solutions are constructed and communi-
cated. In this context, expectations that AI mend 
what is perceived as broken in public health and 
care often overlook how AI solutions can result in 
negative unintended consequences and call for 
their own repair. We treat techno-solutionism as 
one particular form of repair – a way of addressing 
perceived breakdowns that privileges technolog-
ical fixes.

To grasp the shifts between human and tech-
nology, we combine Bruno Latour’s (1999, 2005) 
notion of delegation with Madeleine Akrich’s 
(1992, 1995) concept of user representations. 
This novel combination offers a wide-ranging 
approach to understanding how AI-focused 
discourses about later life care can reflect and 
support breakdown and repair in its various forms 
(from inefficient service delivery to care moni-
toring). To explore such discourses, we visually, 
textually, and semiotically analysed the websites 
of 33 companies offering AI technologies for 
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AI technologies reflect stereotypes of older peo-
ple as disengaged (Neves et al., 2024; Gallistl and 
Von Laufenberg, 2023). Such perceptions extend 
beyond care recipients, echoing societal views 
and anxieties surrounding ageing (Neves et al., 
2023). For instance, Ivan and Loos (2023) show 
technology marketing tends to depict both older 
women and older people living with cognitive 
impairments as technologically incompetent, dis-
interested, and passive subjects – not active users. 
This concords with popular portrayals, which 
often link technology to masculinity, youth, and 
whiteness (Loos et al., 2022). Researchers have 
highlighted concerns about power imbalances 
within the datafication of ageing and long-term 
care systems (Dalmer et al., 2022; Katz, 1996). 
This datafication entails measuring and quantify-
ing care practices and older adults’ behaviours 
(Dalmer et al., 2022). But instead of supporting 
recipients’ capacity for self-directed care, datafi-
cation undermines their agency by placing them 
under the constant oversight of those monitoring 
them. Such a process exposes power dynamics in 
how older bodies are conceptualised, perceived, 
quantified, monitored, and controlled through 
technology and social perspectives (Dalmer et 
al., 2022; Katz and Marshall, 2018). Gallistl et al. 
(2024) observe that in the context of AI’s political 
economy and market-oriented logic, ageing is fre-
quently commodified – with older people becom-
ing profit-making ‘data suppliers’ to extract from 
and feed into large language models (LLMs) and 
predictive systems. 

This article explores whether and how industry-
led narratives of AI might reinforce these views 
(e.g., age-related stereotypes, power dynamics, 
techno-solutionism) – thereby threatening and 
breaking public assurances of care and empower-
ment in old age, even as these discourses present 
AI as a solution to service delivery breakdown. We 
ground our investigation in the conceptual ideas 
of breakdown and repair (Jackson, 2014; Star, 
1999). Star (1999: 380) notes breakdowns in infra-
structure expose our dependence on this mostly 
invisible “system of substrates.” Infrastructure and 
public service delivery are not the only fragile 
entities requiring repair, since the very means of 
repair (in this instance, AI) is itself liable to break 
down and require repair. This raises a crucial 
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the long-term care sector. Marketed technolo-
gies included carebots, chatbots, sensor systems, 
and smart clinical apps for institutionalised and/
or ageing-in-place settings. The websites offer 
these discourses in a distilled form, relaying what 
members of the AgeTech industry identify as 
breakdowns and potential solutions (repairs) in 
long-term care. From website data, we are thereby 
able to infer how anticipated users are repre-
sented and prefigured.

Our findings show ageing is approached as a 
state demanding little more than care. Addition-
ally, the sector is depicted as plagued with inef-
ficiencies and failures of public delivery that can 
only be solved by AI technologies. AI is presented 
as a revolutionary solution to alleviate (all) chal-
lenges, from diseases to workforce shortages, 
enabling unprecedented support to home and 
residential caregivers by optimising care manage-
ment through automated monitoring and 
analytics. These ideas justify the need for AI dele-
gation in later life care while advancing simplistic 
user representations of older people and care 
staff. 

This paper contributes, therefore, to the 
growing scholarship on AI, ageing, and care 
by offering an empirically grounded analysis 
of underexplored commercial discourses. We 
advance a novel application of the concepts 
of breakdown and repair to the long-term care 
sector and combine the frameworks of delegation 
and user representation in innovative ways to map 
how solutionism takes shape within sensitive care 
contexts. In doing so, we show how commercial 
portrayals not only justify AI-driven interventions 
but also obscure the social and relational dimen-
sions of care, with implications for how ageing, 
responsibility, and vulnerability are conceptual-
ised in policy and practice.

AI and long-term care: 
Breaking and repairing 
The long-term care sector offers a valuable con-
text for examining age- and care-related ideas 
underpinning the design, marketisation, and com-
mercialisation of AI for older people (Dalmer et al., 
2022; Gallistl and Von Laufenberg, 2023). The few 
empirical studies in long-term care indicate that 
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question: what counts as a breakdown, and who 
gets to decide? 

Breakdowns have a tangible political 
dimension. Fragile entities are not automatically, 
transparently, and unproblematically perceived 
to be broken down, but asserted to be so and 
therefore open to contestation. For Morozov 
(2013: 6), the deficiency of ‘techno-solutionism’ 
lies not only in a tendency toward easy technical 
solutions for a problem (or breakdown), but in the 
“very definition of the problem itself.” Problems 
are framed to fit ‘solutions,’ with AI presented as 
the unproblematic answer (Bareis and Katzen-
bach, 2021; Siffels and Sharon, 2024). Thus, we do 
not argue there is any single inherent problem AI 
is addressing; rather, the property these break-
downs share is that AI is seen as their solution. 
By focusing on representations of AI users in 
long-term care, we can observe how the assertion 
of purportedly ‘human’ breakdowns acts to justify 
the introduction of a particular kind of repair. 
These breakdowns – in public service delivery 
(e.g., over-spending), human-delivered care (e.g., 
inefficiency), and the ageing body (e.g., frailty) 
– come to be defined as human only in opposi-
tion to their proposed solution: nonhuman tech-
nology. In the case of long-term care, we witness 
a reversal of the traditional breakdown-repair rela-
tionship; here, breakdowns attributed to ‘human’ 
functions are asserted so technological repair can 
be introduced (as opposed to humans tending 
to broken-down infrastructure). Though typically 
framed as a categorical ‘innovation’ or solution, 
this kind of repair requires durable maintenance – 
its own “subtle arts of repair” (Jackson, 2014: 222) 
– and efforts to resist potential algorithmic biases 
and datafication harms. 

We therefore conceive of breakdown and repair 
as involving repeated alternation between what 
is breaking down and repairing. We begin with a 
set of perceived breaks: a degraded care system, 
consisting of humans ostensibly working inef-
ficiently to assist frail older people (themselves 
in a ‘breaking’ state). The repair appears in the 
proposed roll-out of AI technologies targeted 
at several points (e.g., bodily surveillance, data-
fication, and broad-based care ‘solutions’). But, 
following the insights of infrastructure literature 
(Graham and Thrift, 2007; Jackson, 2014), such 

modes of repair also break down and conse-
quently call for their own repairs and mainte-
nance. This marks an important shift, with the 
reallocation or ‘delegation’ of tasks to and from 
human beings. In long-term care, as we will see, 
delegation is a pivotal mediator in relationships 
between humans and nonhumans in care delivery 
and uptake. It is to the concept of delegation that 
we now turn our attention.

Conceptualising delegation 
and user representations
To understand the alternating relationship 
between breakdown and repair in long-term care, 
we draw on concepts developed by Bruno Latour 
(1992, 2005) and Madeleine Akrich (1992, 1995) 
within the framework of actor-network theory. 
This theory mobilises a vision of society as some-
thing that “has to be built, repaired, fixed and, 
above all, taken care of” (Latour, 2005: 204, empha-
sis in original). Key to this ‘caring’ process is a del-
egation of tasks to technological objects, which 
enables social relations to be maintained (Graham 
and Thrift, 2007; Latour, 1992).

Latour borrows delegation from the semioti-
cian A. J. Greimas (Greimas and Courtés, 1982: 
72), for whom it refers to a “transfer of compe-
tence which…confers on the subject concerned 
a margin of autonomy for the performance” (see 
also Greimas, 1990). Latour (1992) transposes 
this notion from linguistics to the social sciences 
to help make sense of how the capacity for or 
‘competence’ in performing acts gets distrib-
uted between humans and technical objects. 
In this article, we use delegation in two ways: 
firstly, to identify which competences are redis-
tributed to which actants, how this occurs, and 
to what extent. That is, are humans depicted as 
merely supplemented by technical objects, or are 
they thoroughly displaced? Secondly, we seek to 
identify what effect this delegation is predicted to 
have on the performance of the described actions. 
Crucially, the ‘margin of autonomy’ that delega-
tion permits means the delegate will perform 
the action in a different way than the initial actor 
performs it. A technical delegate, for example, 
will impose upon the performance modifications 
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arising from its own structure and the unique 
relations it maintains with its surroundings.

In this approach, delegation means designers 
‘inscribe’ their envisioned functions in the 
technical object itself. Knowingly or not, they 
mobilise a particular image of it in relation to other 
objects and end users (Savolainen and Hyysalo, 
2021). Such a view of the object – as inscribed 
with meaning – is what Madeleine Akrich (1991: 
85) describes as the ‘semiotic hypothesis’:

it is possible to describe a technical object as a 
scenario, a script, defining a space, roles, and rules 
of interaction between the different (human and 
non-human) actors who will come to embody 
those roles: from this perspective, every decision 
taken in the process of conception undertakes 
a distribution of competences and attributions 
between the object, its user, and a collection of 
technical and social apparatuses that constitute 
their environment. 

In the scripts Akrich describes, a certain ‘user rep-
resentation’ is implied, with particular compe-
tences attributed to imagined users. But Akrich 
(1992) is adamant the uses depicted in these 
scripts do not translate simply into actual uses. 
Designers may formulate inaccurate user repre-
sentations, users may reject designers’ aims, or the 
object design may assume a set of relations that 
does not exist. This becomes clear in the example 
of the Zimbabwe bush pump, a device for draw-
ing water from a well (de Laet and Mol, 2000). As 
de Laet and Mol (2000: 249) explain, the pump 
functions effectively not because its designer 
anticipates end users perfectly, but because he 
“seems to dissolve his own actorship,” relinquish-
ing ownership and allowing the technology to 
evolve through collective use and local adapta-
tion. The designer himself emphasises the pump 
is not the product of a single creator, but the result 
of collaborative effort, high-quality materials, and 
gradual evolution within the public domain (de 
Laet and Mol, 2000).

Akrich’s (1992) semiotic hypothesis is therefore 
useful to grasp not how technology is neces-
sarily used, but how developers imagine and 
intend it to be used. In this article, we take Akrich’s 
approach but expand our focus to encompass 
actors outside the designers themselves. Beyond 

being inscribed with developers’ intentional and 
unintentional programs of action, various other 
‘scripts’ exist that represent and mediate objects, 
informing their use. In these scripts – from instruc-
tion manuals to promotional materials – intended 
end users are prefigured, with their bodily compe-
tences, intellectual aptitudes, moral beliefs, and 
social relations cast before them. These forms of 
representation fill the function of what Akrich 
(1992: 211) calls ‘mediators’: “[i]f we are to describe 
technical objects, we need mediators to create 
the links between technical content and user.” The 
links connecting these elements are also bounda-
ries that distinguish them, apportioning certain 
tasks to the user and delegating others to the 
technology. By investigating the representations 
embedded in the media portraying objects, it is 
possible to ascertain this apportionment and trace 
the boundaries between human and nonhuman, 
permitting us to delineate what Akrich (1992: 206) 
calls the “geography of delegation.”

This ‘geography’ does not consist of straight-
forward border lines. At times, the beings invoked 
as delegates to repair breakdowns are in need 
of repair themselves (Henke, 1999). Such an 
interchange provides part of our justification for 
linking delegation to the concepts of breakdown 
and repair present in studies of infrastructure. In 
this scholarship, the processual approach is cast 
as “an unfolding when,” echoing pre-modern 
views of infrastructure as ongoing ‘public works’ 
(Alff, 2021: 626, emphasis in original). Likewise, a 
processual approach is crucial to grasp delegation, 
seeing it not as accomplished upon ‘appointment,’ 
but something that must be durably maintained. 
When humans delegate tasks to technical objects, 
it is important to recognise the work that is 
required to ensure the delegates’ own ability to 
carry out their roles (Fox et al., 2023; Gray and Suri, 
2019). As discussions of breakdown and repair 
suggest (Denis and Pontille, 2023), this mainte-
nance process is an ongoing one, often requiring 
– as in the case of long-term care – the continuing 
reparative efforts of the very humans whose roles 
were delegated to nonhuman technologies. In 
representations of users, this back-and-forth 
mutual repair is frequently ignored, with certain 
designs even prohibiting user alteration (Akrich, 
1992; Graham and Thrift, 2007). It remains unclear 
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whether AI companies’ socio-technical discourses 
around later life care exhibit these same dynamics. 
Analysing both delegation and user representa-
tions thus helps identify how AgeTech companies 
conceptualise breakdown and repair. In particular, 
the notion of delegation permits us to trace how 
tasks deemed to be affected by breakdown will be 
undertaken differently as a consequence of their 
delegation.

Methods
This article analyses textual and visual data from 
the websites of 33 companies commercialising 
AI technologies for later life care. The websites 
were found through a Google search using the 
most common terms identified in an exploratory 
literature review on AI and later life care: “AI” and 
“product[s]”/”service[s]” and “aged care” or “home 
care” or “elder[ly] care” or “long-term care” or 
“AgeTech” or “senior[s] care” or “senior[s] living” or 
“nursing home[s].” We collected data from all com-
panies listed in the top 100 ‘most relevant results’ 
(as of 1 May 2024), prioritising links most likely to 
be encountered by audiences (see Vermeer et al. 
2022 for a similar strategy). We excluded sites not 
marketing their own products, including news, 
academic, and blog articles. The 33 companies 
operated globally or in these countries/regions: 
Oceania (Australia, New Zealand), North America 
(Canada, US), Asia (Hong Kong, Malaysia, Singa-
pore), and Europe (Finland, Germany, Greece, 
UK) (see appendix). They offered AI technology/
services focused on client monitoring and safety 
(14 companies); healthcare management related 
to areas including nutrition, pain, and therapeutic 
care (7); staff and operational support (5); robotic 
companions (4); and analytical and decision-mak-
ing support (3). Technologies marketed included 
carebots, chatbots, sensor systems, and smart 
clinical apps, though their specific AI capabilities 
were frequently unclear.

We analysed the websites via a multi-tiered 
approach integrating qualitative and quantita-
tive techniques. Each tier was informed by our 
general theoretical approach, emphasising dele-
gation, technical objects, and user representa-
tions (Akrich, 1991; Greimas, 1990; Latour, 1992). 
Building on this, in the first stage, we conducted 

content analysis using theory-driven categories 
that enabled us to code and organise data into 
‘technology type,’ ‘care type,’ ‘user needs,’ and 
frequently used words, which provided a sense of 
the most common priorities and language used on 
the websites. In the second stage, we thematically 
analysed textual and visual elements to identify 
recurring themes on user representations and 
AI roles within and across websites (Clarke et al., 
2014). This relied on both deductive (based on our 
pre-existing theoretical framework) and inductive 
(based on new insights observed in the data) 
coding. To grasp the broader, synthetic structure 
of meaning – and overarching discourses in which 
these visual and textual elements are located – 
we required a further stage. In this third stage, 
we adopted a semiotic framework informed by 
Vermeer et al. (2022: 405), developing “narrative 
summaries…to determine the dominant 
discourse.”  Vermeer et al. (2022) analysed semiotic 
signs in advertisements targeting people living 
with dementia. In Saussure’s linguistic model, a 
sign combines a signifier (a mental representation 
of speech – for instance, ‘grey hair’) with a signified 
(the conceptual meaning it conveys within a 
linguistic system – for instance, in contrast to 
‘black hair’) (Chandler, 2022). Importantly, these 
signs also carry connotations (for example, grey 
hair is to older as black hair is to younger). This 
method has been used to examine visual depic-
tions of older people on public organisation 
websites (Loos et al., 2022) and in the marketing 
of technology for later life (Ivan and Loos, 2023). 
This three-stage approach allowed us to identify 
categories, themes, and user representations. 
Finally, we synthesised these results (Figure 1) to 
shed light on the companies’ narratives, revealing 
their main discourses about AI’s roles in long-term 
care. Analyses were conducted by the first and 
third authors, reviewed by the second for discrep-
ancies, and validated by the remaining authors. 

Due to ethical obligations – aligned with insti-
tutional and national guidelines on anonymity, 
confidentiality, and copyright – we are unable to 
use full quotations from the websites. Instead, we 
have incorporated short, non-identifiable excerpts 
and provided contextual narrations based on our 
thematic and semiotic analysis. The same restric-
tions apply to website images. To address this, 
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we used Midjourney, an AI text-to-image tool, to 
generate mock-ups characteristic of those on the 
websites that visually represent main findings. 
We used a paid license, ensuring compliance with 
Midjourney’s terms of use. This approach, which 
enables us to produce conceptual approximations 
rather than direct reproductions of copyrighted 
material, was previously employed by Ellison et al. 
(2022) and offers readers a representation of key 
visual themes by assembling the most illustrative 
elements from our dataset. 

Findings
Our analysis identified narratives of breakdown 
and repair centred on datafication as a solution 
to perceived deficits in the sector, such as rising 
costs, unmanageable workloads, and substandard 
care. Website accounts positioned AI technolo-
gies as revolutionary solutions to systemic fail-
ures, while simultaneously reinforcing simplistic 
representations of older people and care work. 
Through exploring how care tasks are increas-
ingly delegated from humans to AI technologies, 
we found commercial discourses utilised recur-

rent elements stipulating how AI should function 
in long-term care settings and how users – older 
people and care workers – should interact with 
these technologies. These sociotechnical dis-
courses revealed how assumptions about ageing, 
later life, care work, and technological capability 
apportion care competences between human 
and nonhuman actors.

The AgeTech companies justified the need for 
AI delegation in later life care by employing four 
main discourses: i) carefication of ageing, ii) public 
inefficiencies of care, iii) AI solutionism, and iv) 
datafication of care. While analytically distinct, 
they closely interact. Together, they illustrate how 
technological framings both reflect and reinforce 
particular understandings of care relationships, 
while raising questions about what aspects of 
care become emphasised or diminished when 
delegated to AI systems.

Carefication of ageing
‘Carefication’ of ageing – in which ageing was 
framed as a state of old age requiring efficient 
care and surveillance – was found across all web-

Neves et al
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sites. Textual, visual, and semiotic representations 
positioned older people as inherently vulnerable 
and in need of technology-based interventions. 
For instance, websites repeatedly emphasised 
age-related “risks” and “problems” that could lead 
to “harm or hospitalization,” promising “improved 
resident safety” and a capacity to identify issues 
before they escalate. These portrayals informed 
a discourse in which ageing is a fundamentally 
problematic and deteriorative later life process 
and stage requiring constant monitoring and 
management via AI systems.

Companies claimed their technologies could 
address these ‘breakdowns’ by providing “round-
the-clock” care and surveillance of older people, 
who were textually and visually characterised 
as “vulnerable patients.” This vulnerability was 
frequently quantified: websites stressed mortality 
rates from falls, high prevalence of malnutrition, 
and increased dementia risks associated with 
loneliness and social isolation. Statistics were used 
to justify interventions that could “automatically 

identify” when residents needed help and alert 
care staff to provide urgent assistance, suggesting 
AI was more reliable than older people or human 
workers in recognising care needs.

This framing naturalised the need for tech-
nological intervention while reinforcing stereo-
types of old age as primarily defined by decline 
and dependency. Such a discourse positioned 
AI-based surveillance and care as inevitable, 
necessary responses to the “issues” and “chal-
lenges” of ageing and later life care, creating a self-
reinforcing storyline in which the carefication of 
ageing justified increased technological delega-
tion of care tasks.

Visual representations reinforced this carefica-
tion, with older people depicted as passive recipi-
ents of care rather than active participants in their 
own lives. Images typically showed them being 
assisted or monitored, while younger people 
were portrayed as active caregivers or technology 
operators. When older people were featured inde-
pendently, they were frequently represented in 
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Figure 2. Mock-up image generated with Midjourney, characteristic of images on the analysed websites, illus-
trating the carefication of ageing.
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contexts emphasising passivity, frailty, or risk – 
such as sitting, struggling to get up, using mobility 
aids, or being monitored by relevant technology. 
This visual scripting positioned older people as 
at-risk data sources to be monitored rather than 
autonomous individuals. Figure 2 reproduces 
an example of characteristic imagery from the 
analysed websites.

Public inefficiencies of care
By framing an ageing population and later life as 
defined by rising costs, accumulating risks, and 
constant care needs, websites justified claims 
that the long-term care sector cannot adequately 
manage such complex circumstances. The sec-
tor was consequently portrayed as substandard, 
characterised by systemic inefficiencies in the pro-
vision of quality service delivery.

Long-term care was depicted as facing signifi-
cant challenges in the areas of staff engagement, 
communication, resident autonomy, and regula-
tory compliance, with these issues narrated as 

Neves et al

intrinsic to traditional care models. Human care 
labour – including constant “spot checks,”  “manual 
scanning,” and extensive administrative require-
ments – took time away from “personalised care,” 
“reduce[d] the quality of care,” and led to “carer 
burnout” and “errors.” Human care was therefore 
represented as inherently flawed and unreliable, 
requiring technological intervention to ensure 
quality care provision.

Within this discourse, care staff were painted as 
sources of inefficiency and risk. Companies high-
lighted how staff were overwhelmed by excessive 
workloads, suggesting this compromised their 
ability to provide quality care (see Figure 3). Staff 
were consequently portrayed as needing surveil-
lance and control, with AI technologies offering to 
track regulatory and protocol compliance, thereby 
reducing errors. This depiction of care workers as 
potentially undependable was reaffirmed through 
promises AI could “predict and prevent unwanted 
occurrences” and offer more accurate, higher 

Figure 3. Public inefficiencies of care workers (generated with Midjourney).
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quality, and more efficient care than possible 
through human monitoring.

The solution was increased technological 
oversight, with systems that could “track,” 
“monitor,” and “alert” staff when action was 
needed – effectively positioning care workers 
as responders to AI-identified issues rather than 
skilled professionals exercising independent 
judgement. Picturing care workers as inefficient 
and unreliable validated the narrative that they 
required constant supervision. The technolo-
gies offered ‘solutions’ to these ‘problems’ in the 
form of comprehensive staff monitoring capa-
bilities, including capacity to track care workers’ 
movements, log their attendance, automatically 
report their delays to managers, and generate 
compliance reports. 

These representations of public sector inef-
ficiencies and staff inadequacies created a sense 
of urgency and crisis demanding urgent tech-
nological intervention. Traditional care practices 
were characterised as fundamentally flawed, with 
companies promising their AI could “empower 
staff” while concurrently ensuring they were 
“monitored” and “compliant.”

AI solutionism
Having established long-term care as plagued by 
problems and human care provision as compara-
bly inefficient, AI technologies were presented as 
“revolutionary” solutions capable of “transform-
ing” the sector.  Companies consistently presented 
their AI as a wide-ranging answer to the field’s dif-
ficulties, promising to “revolutionize senior care” 
and resolve the industry’s most critical issues. In 
light of the AI solution on offer, ineffective human 
care was reframed as a problem rooted not in 
underfunding or structural workforce challenges, 
but in technical inefficiencies. Thus, this AI solu-
tionism operated not only by offering fixes, but 
by shaping the very nature of the problems to be 
fixed. This was reiterated through claims about 
technologies’ “unprecedented” capabilities, from 
promises of “world-leading” and “game-chang-
ing” innovations to assertions that their products 
represented a “breakthrough” and “extraordinary” 
advancement in later life care provision.

This techno-solutionism rested on promises 
about AI’s ability to address multiple care chal-
lenges simultaneously. Companies asserted their 
technologies could enhance staff efficiency, 
improve resident wellbeing, and boost opera-
tional performance – often via a single product. 
Complex organisational challenges, from workers’ 
stress to regulatory liabilities, were reduced 
to coordination inefficiencies, only solvable 
through automated data flows and centralised 
AI platforms. These assertions were typically 
supported by metrics, with companies citing 
specific percentage improvements in worker effi-
ciency, administrative tasks, and resident safety 
outcomes. Such quantification contributed a 
sense of scientific certainty to otherwise general 
claims about AI’s transformative potential.

Central to this solutionist discourse was 
the casting of AI as inherently superior to 
‘fallible’ human care provision. Technologies 
were described as offering more “accurate” and 
“efficient” care than possible through human 
monitoring, with companies emphasising how 
their systems could automatically identify when 
older adults required assistance and provide 
“actionable insights” that human caregivers might 
miss or be too ‘unskilled’ to identify. The problem 
of care was reimagined as a matter of gaps in data 
and detection – issues that AI, with its predic-
tive analytics and surveillance capabilities, was 
uniquely suited to fix. The marketing consistently 
framed algorithmic monitoring as more reliable 
than human judgement, with companies stressing 
AI’s precision in data collection and capacity for 
automated intervention. 

The promised solutions extended beyond 
immediate care provision to encompass broader 
organisational challenges. Companies stated their 
products could elevate care standards, operational 
efficiency, and staff satisfaction by eliminating 
“mundane repetitive tasks.”  This all-encompassing 
problem-solving capability was frequently high-
lighted through declarations that AI could be used 
to replicate human judgement and analytical skills 
while concomitantly resolving human limitations. 
One company promised its AI would improve staff 
efficiency and resident safety as well as provide 
comprehensive reporting, ensure compliance, 
and foster better stakeholder collaboration, all 

Science & Technology Studies 38(4)



23

through a single technological solution targeting 
critical organisational functions including clinical 
care, workforce management, quality assurance, 
and financial oversight.

Visual representations reinforced these solu-
tionist accounts, with websites featuring sophisti-
cated interfaces displaying real-time monitoring, 
predictive analytics, and automated alert systems 
(see Figure 4). Images typically showed AI systems 
actively monitoring and managing care situa-
tions, whereas human caregivers were depicted 
as responding to AI-generated alerts or following 
AI-directed protocols.

Notably, this solutionist framing positioned 
AI not merely as a tool to assist care provision, 
but as a holistic solution to systemic problems. 
Companies declared their technologies would 
“unlock” the “power” in data to deliver enhanced 
resident, staff, and business outcomes and 
foster continuous improvement. The underlying 
message was that AI could not only repair current 
care breakdowns but transform the entire care 
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sector, addressing accommodation shortages, 
increasing profit margins, empowering staff, and 
improving service quality across care contexts. 
Through such expansive assertions, AI was again 
advanced as essential rather than optional, recon-
figuring expectations about how later life care 
should be delivered and managed. Contextual, 
emotional, and relational aspects of care were 
often portrayed as burdens to be eliminated, legit-
imising the central role of the technology and the 
secondary role of human labour.  

Datafication of care
To support and further improve that AI solution-
ism, care was depicted as needing to be ‘datafied’ 
to ensure effective monitoring, analysis, and regu-
lation of older bodies and care practices. Websites 
channelled a discourse wherein data collection 
– often facilitated via AI-based surveillance – was 
naturalised as fundamental to quality care. Rep-
resentations accentuated products’ capacities to 
“continuously monitor” and “analyse” older peo-

Figure 4. Representation of typical monitoring and analytics (generated with Midjourney). 
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ple’s activities, behaviours, and biological indi-
cators to guarantee their safety and wellbeing, 
suggesting comprehensive data collection was 
synonymous with attentive care.

Visual representations underscored this 
datafication: images recurrently featured inter-
faces displaying metrics, charts, and real-time 
monitoring data. However, older people were 
often relegated to peripheral positions or repre-
sented via body parts or data points related to 
their actions, behaviours, biophysical patholo-
gies, or bodily functions, symbolically reducing 
their presence to quantifiable parameters of 
fragility and vulnerability (see Figure 5). Textually, 
companies stressed their abilities to convert 
intimate daily activities into trackable metrics, 
from monitoring showering or sleep to detecting 
anomalies in eating patterns or vital signs. 

These surveillance capabilities were presented 
as beneficial for both care recipients and 
providers, yet narratives generally prioritised 
institutional productivity over older people’s 
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autonomy, privacy, or dignity. The emphasis on 
data collection and analysis was accompanied 
by a lack of humanisation of older people, who 
were rarely represented as active managers of 
their own care; instead, older users were primarily 
depicted as data sources to be mined, monitored, 
and managed. “Efficiency” language dominated, 
with older people’s experiences subordinated 
to service providers’ data collection imperatives. 
Even claims of “personalized care” were articu-
lated through data-based measures like “activity 
score[s],” “risk assessments,” or “behavioural 
trends,” with automated alerts for any “anomalies” 
requiring human intervention.

The underlying semiotic message conveyed 
that care could be reduced to measurable data 
points, with quality of care equated to both 
frequency and granularity of data collection. 
Textual and visual rhetoric also underlined tech-
nological mediation over human interaction, 
implying that understanding older people via 
their data was more efficient – and effective – than 

Figure 5. Datafication (generated with Midjourney). 



25

understanding them through human interper-
sonal engagement.

The ‘datafication of care’ discourse extended 
beyond individual monitoring to encompass 
entire care environments. Websites marketed 
“smart” platforms and systems that could analyse 
patterns, predict risks, and engender insights 
across residential facilities or home-based care 
organisations. This broad-scale, data-oriented 
surveillance was portrayed through signifiers 
suggesting technological omnipresence: inter-
faces showing multiple rooms simultaneously, 
bird’s-eye views of facilities, and detailed activity 
logs. Such systems promised superiority in both 
oversight and risk management, thus feeding into 
efficiency logics and cost-minimisation desires 
that are particularly attractive to private – and, 
increasingly, public – providers.

Within this, care workers were similarly subject 
to datafication, with their tasks and locations 
monitored – and managers alerted if deviations, 
like lateness or a failure to attend to notifica-
tions, were recorded. This created a notion of care 
workers as points of risk requiring AI supervision 
for accountability. Websites, however, advertised 
such tracking of care delivery as a means of moni-
toring compliance and analysing staff productivity 
to improve service provision.

Companies’ focus on optimising processes 
through data collection and analysis often over-
looked the human dimensions of care work and its 
complex socioemotional and relational contexts. 
By prioritising the extractive logics of data accu-
mulation and analysis, the datafication of older 
people, care workers, and care systems reduced 
the minutiae of human-to-human care to a set 
of computational metrics. This data-centric gaze 
depicted AI surveillance – and the subsequent 
conversion of all intimate daily activities into 
trackable datapoints – as inevitable and necessary 
for modern care provision, even if it diminished 
considerations of staff and older people’s person-
hood.

Discussion
The four main sociotechnical discourses identified 
in our analysis help illuminate how assumptions 
of later life and care can shape both technological 

imaginaries and practices. These discourses show 
how AgeTech narratives of breakdown pervade 
representations of ageing and long-term care, 
echoing patterns observed in earlier technologies 
and prior research on technological interventions 
for older people (Gallistl and Von Laufenberg, 
2023; Peine et al., 2021). In doing so, they create 
opportunities for the introduction of AI technol-
ogy, framed as a ‘solution.’ These range from acute 
biophysical intervention to all-purpose structural 
remedy, with each introduction involving varying 
degrees of delegation from human action to non-
human technology. 

The dominant form in which websites repre-
sented older people was as sites of biophysical 
risk and deficit whose bodily fragility – stereotypi-
cally associated with ageing (Dalmer et al., 2022) 
– was evoked in images, quantified rates, and 
statistics. This purported breakdown of bodily 
and cognitive function rendered the older person 
passive: someone whose very existence expresses 
a need for tech-based, not touch-based, care and 
surveillance. This carefication of ageing – under-
pinned by organisational risk reduction and effi-
ciency culture – implies a deficit approach to older 
people that is visible in existing research into how 
they are configured and portrayed in relation to 
other sociotechnical systems, like digital technolo-
gies (Ivan and Loos, 2023; Jaakola, 2020; Loos et 
al., 2022, 2023). Though such a breakdown could 
be conceivably ‘repaired’ in several ways (for 
example, increased employment of carers, greater 
medical supervision, etc.), the websites offered 
‘techno-solutions’ as the automatic and most 
appropriate, effective, and efficient response. 
Likewise, the websites analysed purported to 
identify a breakdown in the service infrastructure 
that undergirds long-term care (Jackson, 2014). 
This breakdown was also linked to inefficien-
cies deriving from human functions: in this case, 
the character of care delivery, with the sector 
portrayed as facing critical challenges. Despite the 
distinct origins of this breakdown, websites again 
presented ‘repair’ as attainable solely through 
their technological solutions. Breakdown thereby 
becomes a strategic entry point – a market oppor-
tunity for advancing technological creep into 
the care economy – rather than an opportunity 
to either consider what led to the breakdown 
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or reflect on the normative logics that underpin 
neglect in long-term care settings (Pagone and 
Briggs, 2021). 

In the commercial AI narratives responding 
to these breakdowns, we observed a redrawing 
of the ‘geography of delegation’ (Akrich, 1992), 
with competences redistributed from humans to 
nonhumans (Latour, 1999). This delegation moves 
toward AI technology from two points of origin. 
First, it moves from older people themselves, 
whose competences for self-monitoring, expres-
sion, and even requesting help are delegated to 
objects in the form of AI systems. Second, carers’ 
competences are delegated to these technical 
objects. As the delegation notion suggests, 
‘objects’ enact competences in a distinct manner 
according to their own technical properties. 
Analysing the diverse ways competences are 
delegated permits us to pinpoint the importance 
of studying commercial entities: it is not a mere 
replacement of ‘like for like,’ but a transformation 
in how roles are enacted. In this case, this distinct 
manner is manifested, above all, in an increase 
in the efficiency of enactment. People’s ability to 
identify their own ill health, for instance, becomes 
almost irrelevant as AI tools ‘datafy’ care, promising 
to reliably detect illnesses and diseases using 
objective markers. Thus, as older people’s compe-
tences are delegated in the name of efficiency, 
they are positioned not as autonomous individ-
uals but sites of risk whose health and conduct 
are best addressed in the form of datafied care 
(Dalmer et al., 2022; Gallistl and Von Laufenberg, 
2023). At this point, the carefication of ageing 
and datafication of care intersect. Equally, the 
delegation of care workers’ competences does not 
amount to a simple substitution of a nonhuman 
for a human (Latour, 1999). Again, the delegate 
accomplishes the task in a unique fashion: the AI 
does not merely grant users the ability to delegate 
care tasks to it, but also to exploit its affordances 
– e.g., its GPS tracker, calculating power, access 
to data – to supervise care workers. This provides 
a ready justification for its introduction: such 
workers are not dependable, but the technology 
is, and it can demonstrate the difference between 
the workers’ and its dependability in a persuasive, 
quantitative manner. 

Akrich (1995: 167) observes that novel technol-
ogies must make themselves functional to “dissim-
ilar users possessing widely differing skills and 
aspirations.” Despite the varying aims of different 
users, AI technologies were championed as bene-
ficial to various individuals and groups: offering 
to lessen the burden for care workers, but also to 
render the latter more productive for their super-
visors. By framing the breakdown as a case of 
inefficiency (especially of care workers) – and the 
solution as one of increased efficiency through 
data – the websites legitimised an interven-
tionist approach while undermining confidence 
in human-centred care practices. This discourse 
created fertile ground for AI to be heralded as a 
new standard of care – and as the only solution 
to systemic problems in the long-term care sector. 
In addition to promissory accounts about AI tech-
nologies (Neves et al., 2023), this enthusiasm is 
guided by the idea that existing practices are 
insufficient to meet the demands of an ageing 
population and later-life care, specifically when 
ageing is framed as a biomedical burden (Berridge 
and Grigorovich, 2022; Gomez-Hernandez, 2024). 

Although it is essential to critically evaluate the 
structural challenges in later-life care – including 
failures in the provision of adequate care and 
systemic inequities (Sturmberg et al., 2024) – we 
must also examine how AI solutionism shapes 
technological responses and efforts to priori-
tise efficiency over dignity, autonomy, and the 
complex needs of older people. Stereotypical 
beliefs were also used to frequently depict 
care staff in contradictory ways: as both highly 
caring and inefficient. As highlighted by Byrne 
and colleagues (2024), AI-generated images of 
nurses in long-term care often present them as 
calm, motherly, non-demanding figures. This 
depiction sharply contrasts with the realities of 
their demanding, fast-paced work environments, 
where nurses juggle multiple functions daily, 
including as managers, supervisors, counsellors, 
and liaisons (Byrne et al., 2024).

In addition to the specific tasks and roles 
delegated to nonhumans, the companies natu-
ralised the AI technologies’ wide-ranging, system-
atic roles – with relatively unlimited bounds. We 
can make sense of the ability for companies to 
imply comprehensive delegation and limitless 
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roles for their products by returning to a central 
plank of techno-solutionism: the identification 
and depiction of problems in a manner that 
makes them amenable to technical responses 
(Morozov, 2013; Siffels and Sharon, 2024). This 
attention to the problem is especially pertinent 
when the technology’s efficacy is not yet demon-
strated. The promises present in the findings – in 
which AI remedies deficiencies in care delivery 
and increases profit, all while both empowering 
and controlling staff – are made more credible 
because of the dynamic and, at times, hypo-
thetical form of the technology being marketed. 
Such fluidity permits AI to appear as a solution to 
problems that exist beyond its immediate appli-
cation. In this way, this iteration of products finds 
its place in a history of AI mythmaking, which 
sees limits merely as temporary obstacles to be 
overcome in an undefined future (Brevini, 2021; 
Natale and Ballatore, 2020). The tendency to 
emphasise boundlessness, grounded in a capacity 
to re-cast complex breakdowns as technical 
problems with ready-made answers, enables AI 
products to be offered as general and systematic 
solutions, applicable almost irrespective of local 
context. As breakdown and repair researchers 
note, however, such systemic technologies must 
be adapted to these local contexts through main-
tenance practices like ‘patchwork’: the “labor that 
occurs in the space between what AI purports 
to do and what it actually accomplishes” (Fox et 
al., 2023: 2). Moreover, the abstract and general 
representation of AI should not distract from its 
concrete and local dependencies: “[a]rtificial intel-
ligence is…a set of technological approaches 
that depend on industrial infrastructures, supply 
chains, and human labor that stretch around the 
globe but are kept opaque” (Crawford, 2021: 48).

AI solutionism requires forms of extraction and 
labour that are rarely accounted for, including 
increased data availability and computational 
power. It is therefore unsurprising that discourses 
highlighted a datafication of care, turning care-
giving and receiving into data points (Dalmer et 
al., 2022; Gallistl et al., 2024). For instance, older 
people were rarely centralised or humanised, 
instead being depicted as data sources rather 
than active participants in their own lives or care. 
The emphasis was on collecting and analysing 

their information to generate actionable insights, 
with little or no focus on their subjective needs 
and preferences, even when personalisation was 
a core aspect of the narrative. While older people 
were positioned on the periphery – as vulnerable 
and risky due to frail health and a myriad of issues, 
from falls and malnutrition to incontinence and 
loneliness – they were also represented as central 
suppliers of data (Dalmer et al., 2022; Gallistl et 
al., 2024). Whilst even in this sense older people 
directly contribute to their care and the wider care 
economy (Neves et al., 2018; Peine et al., 2021), 
their role is overshadowed by the power dynamics 
inherent in the datafication of older bodies (Katz 
and Marshall, 2018) and the delegation of care 
competences to AI systems. Following Akrich 
(1992: 209), the dominant discourse permits us 
to see that older people are represented not as 
users, but elements in the broader care world into 
which the technology is inserted (see also Neven 
and Peine, 2017). As passive objects, they function 
in the discourse as a pre-existing problem to be 
solved – as well as a resource to be mined and 
exploited. Though such algorithmic harms are 
usually revealed as unanticipated, they are central 
to how such technologies are projected to be prof-
itable and, by extension, built into their design 
(Broom et al., 2023).

Similarly, both care staff and the long-term 
care sector become additional labourers and 
data providers (Katz, 1996) in website representa-
tions – a role intensified within the AI ecosystem 
through heightened surveillance and datafica-
tion of care practices. Yet, these discourses often 
obscure the significant labour already required 
of staff to implement and maintain these tech-
nologies (Gallistl and Von Laufenberg, 2023). This 
challenge is further compounded by the lack of 
interoperability (systems’ inability to effectively 
communicate or integrate with one another) 
among many proposed AI technologies, which 
adds to the encumbrance on already overworked 
staff tasked with adapting to and managing these 
tools (Neves et al., 2024). Limited digital literacy 
among staff can further exacerbate these chal-
lenges, amplifying the ‘technostress’ associated 
with introducing new systems – like the so-called 
‘welfare technology’ used in public care services, 
as demonstrated by research on long-term care 
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workers in Scandinavian contexts (Thunberg et al., 
2024). 

Our examination of company websites shows 
how inefficiencies in the care sector are framed as 
a breakdown whose reparative solution is found 
in AI systems. The promise of these systems is a 
delegation of competence from imperfect human 
care to efficient technical solutions. But as litera-
ture on repair has consistently shown, such a 
solution is itself liable to breakdown and the need 
for continuous repair (Denis and Pontille, 2015; 
Strebel, 2011). The delegation of competence 
implies a transformation in the delivery of care in 
two main ways: care is represented as driven by 
goals of efficiency and measurability according to 
objective indicators, and the new tools assume a 
redistribution of agency away from humans and 
toward nonhuman technical objects. This most 
immediately impacts care workers, who are repre-
sented in a diminished role alongside AI systems. 
It is most comprehensive for older people, who 
are represented as passive and not as users, but 
data sources and deficiencies to be managed. 
Such prevailing ideas of a later-life care economy 
reinforce the societal devaluation of recipients, 
perpetuating a deficit-based paradigm rather 
than one centred on proficiencies and capabilities. 

Conclusion 
This article explored the sociotechnical discourses 
underpinning the marketisation and commerciali-
sation of AI for long-term care through an analysis 
of 33 websites of companies targeting the sec-
tor. Focusing on how AI companies market their 
technologies is crucial, as their narratives not only 
reflect broader conceptualisations of ageing, later 
life, and care, but can also shape societal ideas 
about – and systemic solutions to – these mat-
ters. By presenting older people as problems to 
be solved and care staff as labour to be optimised, 
marketing strategies reinforce stereotypical 
views that perpetuate inequalities in care prac-
tices. Understanding dominant discourses helps 
uncover the values and assumptions embedded 
in both technological design and discourse and 
their potential influence on policy and public 
perception.
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Empirically, findings show that AI technologies 
are proposed as the only solutions to purported 
breakdowns in later-life care, from staff shortages 
to older people’s loneliness. Older recipients 
were represented as uninterested, non-autono-
mous users and passive data sources. Staff were 
depicted as caring but ineffective, requiring 
surveillance and control. Such portrayals overlook 
diverse experiences of ageing and varying care 
needs, while promoting perceptions of an inef-
ficient public sector unable to deliver care. These 
depictions often fail to recognise the sector’s 
chronic under-resourcing or centre the dignity 
and autonomy of older people and workers. 
These companies’ overarching message is that AI 
delegation will repair the long-term care sector by 
addressing inefficiencies in the public system and 
enhancing the capabilities of the private sector. 
They claim that by surveilling staff, automating 
routine tasks, and optimising workflows in a cost-
efficient manner, AI will ensure optimal care and 
improve overall service delivery. The reliance on 
AI solutionism diverts attention from addressing 
systemic inequalities, instead prioritising effi-
ciency via technological fixes. 

Theoretically, these findings contribute 
several additions to the conceptual discussion of 
breakdown and repair. First, the notion of delega-
tion allows us to track shifts between humans and 
nonhumans in a process of mutual breakdown 
and repair. Marketing materials identify a human 
breakdown to be repaired by nonhuman AI, which 
in turn requires human care in the form of mainte-
nance and continuous repair. Second, focusing on 
how users are represented in marketing materials, 
we identified how this delegation is distributed, 
tracing who is considered a user, what compe-
tences they are allocated, and who is deprived of 
competence and rendered part of the environ-
ment. Finally, by supplementing breakdown and 
repair literature with a critical view of AI solu-
tionism, we asked about the interests underlying 
the assertion of breakdowns. Our contribution 
here lies in repositioning techno-solutionism 
within the broader framework of repair – 
conceptualising it as one particular approach to 
addressing breakdowns rather than the compre-
hensive answer it claims to be. This repositioning 
allowed us to analyse the marketed technological 
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fixes, without neglecting the ongoing mainte-
nance and infrastructural labour that sustains 
these systems – forms of work that remain largely 
invisible when breakdowns are framed solely 
through a solutionist lens. As the websites leap 
from claims about bodily frailty, worker ineffi-
ciency, and sector underfunding to positing AI 
as a necessary solution, it is apparent that the 
assertion of breakdowns can be contentious and 
contested. Our contributions thereby enable us to 
both understand AI discourses in long-term care 
and use this empirical material to extract novel 
insights from the concepts of breakdown and 
repair. 

At the same time, our application and 
expansion of the concepts of delegation and 
user representations are limited by our focus on 
promotional materials and the exclusive use of 
English-language sources. A component study, 
examining the development process and delega-
tions inscribed in the technologies, would permit 
fuller use of these concepts. Yet such a study 
– employing a material-semiotic approach in 
contrast to our semiotic one (Law, 2008) – would 
require analysing the technologies themselves, 
many of which remain promissory, with the nature 
of their AI functions still unclear at this stage. 

The introduction of AI into sensitive settings 
brings challenges, including heightened labour 
demands on care workers to implement and 
maintain technologies, increased surveillance, and 
the burden of managing often fragmented and 
non-interoperable systems. By framing care chal-
lenges as technical problems with ready-made 
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solutions, the AI discourse risks undermining 
human-centred care practices and reinforcing a 
cycle of dependency on opaque systems of labour 
and infrastructure. It is therefore essential to 
continue critically evaluating the promises of AI in 
long-term care and advocating for practices that 
centre the dignity, agency, and wellbeing of both 
older people and care workers. 

Furthermore, if AI will be providing the care, 
who will care for the AI? Repair and maintenance 
of technological infrastructure is itself a form of 
care (Jackson, 2014), yet the burden of sustaining 
these systems remains largely invisible in 
AI-driven solutions. Given the rapid advancement 
of AI and its expanding applications across the 
care spectrum, one could argue it has reached a 
stage requiring ‘repair’ much sooner than previous 
generations of technologies, such as mobile 
devices (Yampolskiy, 2019). Future research 
should explore these overlooked dependencies, 
examining how the upkeep of AI systems reshapes 
care-giving and receiving labour, governance, and 
socioethical responsibilities within long-term care 
settings.
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